[EE=527
IEICE Technical Report

FEFEN B EHREETR
THE INSTITUTE OF ELECTRONICS,
INFORMATION AND COMMUNICATION ENGINEERS

TV Ry =T =2 _N—=RTHSL
AT 8T v Fx o TEOERE E ZEN
M T X BAT KRB BET RE EAT R HATT
TTAMBERE R TEHFER § SRR A TR
T 525-8577 WA IR BT EFEER 1-1-1
E-mail: toishita@rm.is.ritsumei.ac.jp

HOFEL AT, BN CHIFRREZR BN S I AT NI o X U VP FIEARET . (ERFIET
X, Mot 7e B A LB RS UGS 5 72 DI ORHEUS D 3 Rt % FEI CRET 20BN H 0, HEfiFIC
ZRIpRER & 95 ) & A 5 SR RE E 72> T2 R T, A&~ —0 &P ORS00 HT 5 2 & T,
H BRI O 3 IRTALE 2 HEE L, YIS 2B 2 KIBICHIR T 5. S 512, ERTED T v X 74l
HIZBOWTE, BHEOSBRCEZ OFEa A M2 L, FEilEd o L ERTERVEVIMERD -T2, =
ZC, BB LE LD RN ERHEE 2 R EUSBBNC WD Z & THE L 2EM A LS E S,

F—U—F HATETvFxL S, S RY—IF—F_N—R, AL

Performance Improvement of Camera Tracking Method
Using the Feature Landmark Database

Wataru TOISHITAT, Ryosuke ICHIKARI", Ryuhei TENMOKU'*
Fumihisa SHIBATA", and Hideyuki TAMURA

T Graduate School of Science and Engineering, Ritsumeikan University
I Graduate Organization of Science and Engineering, Ritsumeikan University
1-1-1 Nojihigashi, Kusatsu, Shiga, 525-8577 Japan

E-mail: toishita@rm.is.ritsumei.ac.jp

Abstract This paper describes a camera tracking method which can be used in outdoor and indoor environments using
natural feature tracking. In conventional methods, much time and human cost are needed to construct landmark database
because they require measuring some absolute positions of feature beforehand. Furthermore, tracking methods have
considerable problems that they require much computational cost and cannot recover from tracking failures. We propose an
automatic method for constructing landmark database to reduce the time for preparation. The key idea of our method is
combining use of natural features in the background and a fiducial marker. We adopt the local invariant feature for matching to
achieve the improvement of speed and robustness of camera tracking process.
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